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Application Status and Prospect of Big Data Technology in Smart Grid
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(1. State Grid Shanghai Municipal Electric Power Company Qingpu Power Supply Company, Shanghai 201799, China;
2. Smart Grid Laboratory of Shanghai Jiaotong University , Shanghai 200240, China)

Abstract: The smart grid big data research has achieved initial progress since 2012, researchers and related enter-
prises have made some constructive attempts. Based on the general framework of the application of big data in Smart
Grid, this paper enumerates some applications of the big data technology in power distribution network and power
equipment on-line monitoring, such as diagnosis of distribution network running status, analysis of characteristics of
power use behavior, evaluation of transmission line state , the fault diagnosis and prediction technology of the power
transmission and transformation equipment based on the complex correlation recognition, the assessment and predic-
tion of key dynamic of electric transmission equipment based on big data and information fusion, etc. This paper has
summarized the key technologies of big data and research ideas and discussed the problem of big data technology in
smart grid. At the end of the paper, a rational prospect for the development of smart grid has been explored.
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Fig. 1 Electric power big data integrated
executable architecture
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Fig. 3 Multi dimension evaluation of
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transmission line status
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Fig.5 Power load forecasting based on big data
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Fig. 6 The assessment and prediction of key dynamic of electric transmission equipment based on big data and

information fusion
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Fig. 7 The fault diagnosis and prediction technology of the power transmission and transformation equipment

based on the complex correlation recognition
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Fig. 8 Correlation analysis
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